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Background Results

Rheumatic heart disease (RHD) is leading cause of mortality among inflammatory heart diseases

and acquired cardiovascular diseases globally *. A B
RHD is a sequela of Group A Streptococcus infection and acute rheumatic fever (ARF) (Fig.1). B T o
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Fig. 4 (A) Volcano plot of significantly dysregulated metabolic features FC > 2; t-test p value < 0.005. (B) PLS-DA VIP scores plot of most predictive and discriminative
features. (C) Orthogonal Projections to Latent Structures Discriminant Analysis (OPLS-DA) S-plot indicating important features with high reliability and intensities.
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The study aimed at applying metabolomics techniques to profile plasma/serum metabolic _ o S _ L
dysregulation biomarkers in patients diagnosed with RHD Using statistical analysis, significant features were extracted (Fig. 3-4). The significant features were

annotated for metabolite identification using HMDB library matching and the general role of
metabolites evaluated (Table. 1). Seventy-nine significant metabolites were identified as potential
biomarkers (p value<0.05). Phosphatidylglycerol, phosphatidylcholine and cortexolone were among
the highly significant potential biomarkers (relative difference >30, p<0.001). Identified metabolites
were mapped on to 8 super pathways using high quality KEGG metabolic pathways; sphingolipid,

Materials and Methods glycerophospholipid, linoleic, alpha-linoleic acid, arachidonic acid and glycerolipid metabolism
(Fig.5).
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2014 criteria) These preliminary results indicate application of metabolomics and bioinformatics in identification of
* Patient’s age; 18-65 years old potential biomarkers in RHD. The results suggest a strong association between lipid metabolism
k / dysregulation and RHD pathophysiology. We recommend conducting further experiments with a

bigger sample size.
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